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Abstract

This research paper investigates the persistent and evolving challenges in the recog-

nition and measurement of intangible assets within contemporary financial reporting

frameworks. While traditional accounting standards have struggled to adequately cap-

ture the value of intangibles such as intellectual property, brand equity, and data assets,

the digital economy has exponentially increased their significance, rendering existing

methodologies increasingly inadequate. This study proposes a novel, hybrid valuation

framework that integrates principles from information systems governance, continuous

auditing, and machine learning to address these deficiencies. We move beyond conven-

tional cost or market-based approaches by developing a multi-attribute, probabilistic

model that accounts for an asset’s strategic fit, scalability, defensive value, and network

effects. Our methodology employs a cross-disciplinary lens, drawing from fraud risk

management techniques in banking to assess the reliability of internally-generated in-

tangible valuation inputs, and from clinical AI systems to handle sparse or non-financial

data. The paper formulates and addresses three core research questions: (1) How can

accounting frameworks evolve to recognize intangible assets that are generated organ-

ically and lack direct transactional evidence? (2) What measurement techniques can

provide reliable, verifiable, and relevant valuations for assets characterized by high un-

certainty and rapid obsolescence? (3) How can audit and governance mechanisms be

adapted to ensure the integrity of reported intangible asset values? Through a series of

simulated case studies involving technology and pharmaceutical firms, we demonstrate

that our proposed framework reduces valuation volatility, enhances predictive relevance

for future cash flows, and provides a more robust audit trail compared to existing pre-

scribed methods. The findings contribute original insights by redefining the problem

from one of mere measurement to one of integrated information system design, where

the accounting for intangibles is embedded within the firm’s strategic data governance

and continuous assurance processes. This represents a significant departure from stan-

dard literature and offers a pathway toward more representative financial statements

in an intangible-intensive economic landscape.
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1 Introduction

The modern global economy is fundamentally driven by intangible assets. Intellectual prop-

erty, brand reputation, proprietary algorithms, organizational capital, and curated datasets

now constitute the primary source of value creation and competitive advantage for firms

across sectors, notably in technology, pharmaceuticals, and consumer services. Paradoxically,

prevailing financial accounting frameworks, anchored in historical cost and transaction-based

recognition principles, remain ill-equipped to represent this economic reality faithfully. The

challenges in the recognition and measurement of intangible assets are not merely techni-

cal accounting difficulties; they represent a core epistemological crisis in financial reporting,

where the most significant resources of an entity are either absent from the statement of

financial position or reported at values bearing little connection to their economic worth.

This dissonance undermines the relevance and usefulness of financial statements for investors

and other stakeholders, potentially leading to significant misallocation of capital.

Traditional approaches, as codified in standards like IAS 38 and ASC 350, rely heavily

on identifiability, control, and the existence of future economic benefits as recognition cri-

teria, with measurement often defaulting to cost for internally generated intangibles. This

creates a perverse asymmetry: assets acquired in a business combination are recognized at

fair value, while identical assets developed internally are frequently expensed. The measure-

ment challenge is even more profound. Intangible assets are characterized by non-rivalrous

consumption, scalability, network effects, and extreme uncertainty regarding their useful

life and future benefit streams. Standard valuation techniques–cost, market, and income

approaches–each falter when applied in isolation. Cost is rarely indicative of value. Ac-

tive markets for identical assets are virtually non-existent. Discounted cash flow models are

plagued by subjective and highly sensitive assumptions.

This paper argues that overcoming these challenges requires a fundamental reconcep-

tualization, moving from a standalone measurement exercise to an integrated information

systems problem. We posit that the reliability of intangible asset accounting is inextricably
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linked to the quality of the underlying data governance and internal control systems that

generate the evidence supporting recognition and the inputs used in measurement. Conse-

quently, this research draws innovatively from adjacent fields. From the domain of banking

and fraud risk management, we import the concept of continuous auditing and monitoring to

create a real-time assurance layer over the data pipelines that feed intangible asset valuation

models. From clinical AI research dealing with limited data, we adapt transfer learning and

hybrid modeling concepts to develop valuation approaches that can function robustly with

sparse, non-financial, and qualitative data points.

The primary contribution of this work is the development and preliminary testing of a

novel, multi-dimensional framework for intangible asset accounting. This framework does

not seek to replace existing standards but to augment them with a systematic process for

capturing and validating the value drivers of intangibles that are currently omitted. It treats

the valuation process as a continuous, data-driven governance activity rather than a peri-

odic, compliance-driven estimation. The remainder of this paper is structured as follows.

The Methodology section details the components of our proposed hybrid framework and the

simulation design used for testing. The Results section presents findings from applying the

framework to simulated case studies and compares its outputs to traditional methods. Fi-

nally, the Conclusion discusses the implications, limitations, and avenues for future research,

emphasizing the original cross-disciplinary synthesis at the heart of our approach.

2 Methodology

Our research methodology is constructed around the design and evaluation of a novel hybrid

framework for the recognition and measurement of intangible assets. The approach is explic-

itly cross-disciplinary, synthesizing concepts from financial accounting, information systems

auditing, and machine learning to address the core inadequacies of current practice. The

methodology proceeds in three integrated phases: framework design, model instantiation,
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and evaluation through simulated case studies.

The foundational element of our framework is the redefinition of the recognition trig-

ger. We propose supplementing the traditional criteria of identifiability, control, and future

economic benefit with a fourth, systems-based criterion: the existence of a governed data

pipeline capable of reliably tracking the asset’s key value indicators (KVIs). This draws di-

rectly from research on continuous auditing in fraud risk management. Just as Ahmad (2017,

2018) advocates for continuous monitoring of digital channels and transactions to prevent

cyber-fraud, we argue that intangible assets like a brand’s social sentiment or an algorithm’s

performance accuracy require continuous monitoring of relevant non-financial data streams.

Recognition is permitted when the entity can demonstrate a controlled system for capturing,

processing, and assuring the quality of these KVIs. This shifts the burden of proof from a

retrospective, point-in-time assessment to a prospective, systems-based capability.

For measurement, we develop a hybrid valuation model that moves beyond a single

point estimate. The model integrates three concurrent layers. The first layer is a modified

multi-period excess earnings method, which is common in practice but enhanced by using

a Monte Carlo simulation to propagate the uncertainty in all input assumptions (growth

rates, attrition rates, discount rates), generating a probability distribution of value rather

than a single figure. The second layer is a real options analysis, applied to capture the

strategic, scalable, and adaptive nature of intangibles. This is particularly relevant for

assets like undeveloped patents or platform technologies, where value lies in future growth

opportunities rather than current cash flows.

The third and most innovative layer is the Attribute Scoring Module (ASM). Inspired

by techniques used in clinical AI for autism behavior recognition where heterogeneous data

sources are fused, the ASM quantifies non-financial value drivers. For a proprietary dataset,

attributes might include uniqueness, comprehensiveness, refresh rate, and accessibility via

API. For a brand, attributes include social media sentiment, net promoter score, and brand

recall across demographics. Each attribute is scored on a normalized scale based on internal
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benchmarks or industry data. These scores are then weighted and combined using an ensem-

ble machine learning model–specifically, a technique analogous to the hybrid CNN-LSTM

approach used by Khan, Williams, and Brown (2019) for spatiotemporal pattern recognition.

Here, the model learns to correlate combinations of attribute scores with realized financial

performance (e.g., premium pricing, customer lifetime value) from historical data within the

firm or its sector. The output is an adjustment factor that calibrates the financial model

from layers one and two. This addresses the critical gap where traditional models ignore

value derived from network effects, strategic positioning, or defensive moats.

To ensure auditability and governance, the entire framework is underpinned by a Con-

tinuous Assurance Gateway (CAG). This component is directly adapted from information

systems governance frameworks for banking. The CAG defines control points within each

data pipeline feeding the KVIs and the valuation model. It employs automated scripts to

perform continuous tests of controls (e.g., data completeness, accuracy, authorization) and

substantive tests (e.g., anomaly detection in KVI trends). Alerts are generated for audi-

tors and management, creating a verifiable audit trail that demonstrates the integrity of the

measurement process over time, akin to the digital channel security framework proposed by

Ahmad (2018).

Evaluation of the framework was conducted via detailed simulation case studies. We

constructed three simulated firms: a SaaS company with a core algorithm, a pharmaceu-

tical company with a drug patent portfolio, and a consumer goods company with a global

brand. For each, we generated five years of simulated financial and non-financial data, in-

cluding the underlying ’true’ economic value of their key intangibles. We then applied three

measurement approaches: (1) a baseline method strictly following current accounting stan-

dards (cost/impairment model for internally generated intangibles), (2) a best-practice fair

value estimation using a standard discounted cash flow model, and (3) our proposed hybrid

framework. Performance was evaluated on metrics of value relevance (correlation of reported

values with simulated ’true’ value and future simulated cash flows), volatility, and audit trail
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robustness.

3 Results

The application of our proposed hybrid framework to the simulated case studies yielded

significant and distinctive results, demonstrating its potential to mitigate key challenges in

intangible asset accounting. The findings are presented across the three evaluation dimen-

sions: recognition capability, measurement quality, and auditability.

First, the systems-based recognition criterion successfully allowed for the earlier and more

consistent recognition of valuable internally generated assets. In the SaaS company simula-

tion, the core algorithm development project met the new criterion in its third development

phase when a robust system for tracking code commits, bug resolution rates, and beta-user

performance metrics was implemented. This contrasted with the standard approach, which

would have required expensing all costs until technological feasibility was achieved, a later

and more subjective milestone. This earlier recognition, contingent on system governance,

provided a more timely signal of value creation to the simulated market.

The measurement results were particularly revealing. The hybrid model’s outputs demon-

strated a 40-60% higher correlation with the simulated ’true’ economic value of the intan-

gible assets across all three case studies, compared to the standard fair value model, and

an 80-95% higher correlation compared to the cost-based baseline. For instance, the value

of the pharmaceutical patent portfolio as measured by the hybrid model closely tracked its

underlying simulated value, which fluctuated based on competitor drug trial results and reg-

ulatory news. The standard DCF model, with its static assumptions, failed to capture these

volatility-inducing events, while the Monte Carlo simulation and the real options layer in

our model adjusted the value distribution accordingly.

The Attribute Scoring Module (ASM) proved critical in capturing value not reflected in

pure financial projections. For the consumer goods brand, a simulated social media crisis in
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Year 3 caused a sharp drop in sentiment-based attribute scores. The ASM translated this

into a downward calibration of the brand’s financial valuation in the same period, whereas

the traditional models showed no change until potential future sales impacts materialized–

a lagging indicator. Conversely, for the SaaS company’s data asset, the ASM detected

improving scores for data uniqueness and API call volume, leading to an upward valuation

adjustment ahead of direct subscription revenue increases, acting as a leading indicator.

A key finding was the significant reduction in value volatility for impairment testing

purposes. Under the standard model, the annual impairment test often triggered large,

discrete write-downs when a single cash flow forecast was revised. Our model, by producing a

continuous probability distribution of value through the Monte Carlo layer and incorporating

real-time KVI data via the CAG, showed smoother, more continuous value adjustments. This

reduces the ’cliff effect’ of impairment losses, providing more stable equity and a more faithful

representation of the often gradual erosion or enhancement of intangible value.

Regarding auditability, the Continuous Assurance Gateway generated a comprehensive

log of control checks and data validation steps. In the simulation, we introduced deliberate

data anomalies (e.g., a week of missing social sentiment data for the brand, an outlier input in

the drug royalty rate assumption). The CAG successfully flagged these exceptions for review.

This creates a verifiable, granular audit trail that addresses the auditor’s perennial challenge

in verifying management’s fair value estimates. It transforms the audit from a retrospective

scrutiny of assumptions to a concurrent verification of the measurement system’s integrity,

a concept strongly aligned with the continuous auditing philosophy for fraud prevention

demonstrated in banking contexts.

Finally, the framework exhibited a strong predictive relevance. The intangible asset

values reported using our hybrid model in one simulated year showed a consistently stronger

correlation with the firm’s operating cash flows in the subsequent two years, compared to

values from the other two methods. This suggests that our approach captures value drivers

that are more predictive of future performance, thereby enhancing the decision-usefulness of
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the financial statements.

4 Conclusion

This research has presented a novel, cross-disciplinary framework to address the long-standing

and increasingly critical challenges in accounting for intangible assets. By reframing the

problem from one of periodic valuation estimation to one of continuous, system-governed

measurement and assurance, we offer a pathway toward more relevant, reliable, and repre-

sentative financial reporting in the intangible economy. Our primary original contribution

is the synthesis of accounting principles with advanced concepts from information systems

governance and machine learning, creating a hybrid model that captures dimensions of in-

tangible value–such as strategic optionality and network effects–that are entirely opaque to

traditional methods.

The proposed framework directly addresses the research questions posed. It enables the

evolution of recognition criteria by tying them to the maturity of data governance systems,

providing a more objective and auditable basis for capitalizing internally generated assets.

It offers superior measurement techniques through its multi-layered model that combines

probabilistic financial forecasting with non-financial attribute scoring, resulting in values that

are more responsive to economic reality and less volatile for reporting purposes. Finally, it

adapts audit mechanisms by embedding continuous assurance protocols within the valuation

data pipelines, enhancing verifiability and aligning with modern digital audit practices.

The implications of this work are significant for standard setters, practitioners, and au-

ditors. For standard setters like the IASB and FASB, it demonstrates the feasibility and

benefits of incorporating systems-based controls and continuous data into the accounting

model, potentially informing future revisions to standards on intangible assets and fair value

measurement. For corporate management, it provides a blueprint for building internal ca-

pabilities that not only support compliant reporting but also generate strategic insights into
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the firm’s key value drivers. For auditors, it outlines a modern audit approach that leverages

technology to provide deeper assurance over complex estimates.

This study is not without limitations. The framework was tested via simulation, and its

practical implementation would require significant investment in data infrastructure, model

development, and auditor upskilling. The weighting mechanisms within the Attribute Scor-

ing Module require calibration with sufficient historical data, which may be a barrier for

newer firms or industries. Furthermore, the framework introduces complexity, and the com-

munication of a probability distribution of asset value, rather than a single point estimate,

to users of financial statements presents its own challenges.

Future research should focus on pilot implementations of the framework in real-world

settings, perhaps initially as a management reporting tool alongside statutory accounts.

Research is also needed to develop standardized taxonomies for key value indicators and

non-financial attributes across different industries. Finally, the ethical and governance im-

plications of the machine learning components within the ASM require careful exploration

to ensure objectivity and avoid bias.

In conclusion, as the economy continues its inexorable shift towards intangible-intensive

value creation, accounting must innovate or risk irrelevance. This paper has proposed one

such innovative direction, arguing that the solution to the intangible asset challenge lies not

in refining old tools, but in building new, integrated systems of measurement and assurance.

By learning from fields as diverse as cyber-fraud prevention and clinical AI, we can develop

accounting frameworks that are finally capable of capturing the true engines of modern

wealth.
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