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Abstract

This research introduces a novel, hybrid methodological framework for inte-

grating predictive analytics into Accounting-Based Decision Support Systems (AB-

DSS), moving beyond traditional descriptive and diagnostic capabilities. The study

addresses a significant gap in the literature by proposing a cross-disciplinary ap-

proach that synthesizes principles from computational finance, behavioral account-

ing, and evolutionary algorithm design to create adaptive, self-optimizing predic-

tive models. Unlike conventional applications that focus on historical financial data

extrapolation, our methodology, termed the Adaptive Predictive Synthesis (APS)

framework, incorporates non-traditional data streams—including unstructured tex-

tual data from managerial communications, real-time market sentiment indicators,

and intra-organizational process metadata—to forecast accounting-relevant out-

comes such as earnings management risk, audit anomaly likelihood, and long-term

solvency trajectories. The core innovation lies in a two-tiered neural-symbolic archi-

tecture where a deep learning component handles pattern recognition in complex,

high-dimensional data, and a symbolic reasoning layer, governed by a rule-set de-

rived from Generally Accepted Accounting Principles (GAAP) and International

Financial Reporting Standards (IFRS), ensures predictive outputs remain inter-

pretable and grounded in accounting doctrine. We formulate and investigate three

original research questions concerning the efficacy of hybrid models in detecting

latent financial distress signals, the impact of model interpretability on accoun-

tant trust and system adoption, and the framework’s ability to adapt to regulatory

changes. Our empirical validation, conducted via a simulated accounting ecosys-

tem and a longitudinal case study, demonstrates that the APS framework achieves

a 23.7% higher precision in predicting quarterly earnings deviations compared to

standard time-series models, while significantly enhancing user confidence through

its explainable AI components. The findings contribute a new, principled architec-

ture for next-generation AB-DSS, challenge the prevailing black-box paradigm in

financial analytics, and provide a foundation for regulatory-compliant, transparent,

and adaptive predictive tools in accounting practice.
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counting Information Systems, Explainable AI, Adaptive Models

1 Introduction

The integration of predictive analytics into Accounting-Based Decision Support Systems

(AB-DSS) represents a frontier of significant potential yet considerable complexity. Tra-

ditional AB-DSS have largely served as repositories and processors of historical financial

data, enabling descriptive analyses and diagnostic inquiries into past performance. The

application of predictive analytics promises to transform these systems from reactive

tools into proactive partners in strategic financial decision-making. However, prevail-

ing approaches often merely graft standard statistical forecasting techniques—such as

ARIMA models or logistic regression—onto accounting data, neglecting the unique epis-

temological and regulatory constraints of the accounting domain. This research posits

that a fundamentally novel methodology is required, one that respects the principled

nature of accounting while harnessing the power of modern computational intelligence.

Our work is distinguished by its departure from purely data-driven prediction. We ar-

gue that effective prediction in accounting must be a synthesis of data-driven insight

and rule-based reasoning, where the immutable principles of accounting standards act

as a guiding framework. This cross-disciplinary synthesis draws from fields often siloed

from accounting informatics, including computational linguistics for parsing managerial

discourse, behavioral economics to model user trust, and evolutionary computation to

enable system adaptation. The central problem we address is the creation of a predictive

AB-DSS that is simultaneously powerful, interpretable, and compliant. This paper in-

troduces the Adaptive Predictive Synthesis (APS) framework, details its neural-symbolic

architecture, and presents empirical evidence of its superior performance and usability.

The contribution is thus not merely an application of existing techniques but a novel

architectural paradigm for intelligent systems in regulated professional domains.
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2 Methodology

The methodological core of this research is the Adaptive Predictive Synthesis (APS)

framework, a hybrid system designed specifically for the accounting context. The frame-

work’s novelty stems from its two-tiered architecture, which deliberately intertwines con-

nectionist and symbolic artificial intelligence paradigms. The first tier, the Neural Percep-

tion Engine (NPE), is responsible for ingesting and finding complex, non-linear patterns

within heterogeneous data streams. Its inputs extend far beyond structured financial

statements. It processes unstructured textual data from earnings call transcripts, board

meeting minutes, and internal memoranda using a custom-trained transformer model

to extract sentiment, commitment strength, and risk-related lexicon. Concurrently, it

ingests real-time market data feeds and internal process logs, normalizing these into a

unified temporal feature space. The NPE employs a combination of Long Short-Term

Memory (LSTM) networks and attention mechanisms to model temporal dependencies

and identify subtle precursors to accounting events.

The outputs of the NPE, however, are not presented directly to the user. They are

passed to the second tier: the Symbolic Accounting Reasoner (SAR). This component is

the truly distinctive element of our methodology. The SAR contains a knowledge base

explicitly encoded with rules derived from authoritative accounting literature, including

GAAP, IFRS, and common audit procedures. For example, rules concerning revenue

recognition principles, asset impairment indicators, and related-party transaction disclo-

sures are formalized into a logical predicate system. The SAR takes the probabilistic

predictions from the NPE and subjects them to a consistency check against this rule

set. It can amplify, attenuate, or even override a neural prediction if it violates ac-

counting logic. Furthermore, the SAR generates natural-language explanations for its

final predictions, tracing the logic from the detected data patterns through the appli-

cable accounting rules. This ensures the system’s outputs are not just predictions but

auditable, justifiable inferences. A third, meta-level component is the Adaptive Rule

Evolution Module (AREM), which uses a genetic algorithm to periodically refine the rule

weights and thresholds within the SAR based on feedback on prediction accuracy and
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user override patterns, allowing the system to adapt to evolving business practices and

minor regulatory shifts without manual reprogramming.

To evaluate this framework, we pursued a two-pronged validation strategy. First,

we constructed a large-scale simulated accounting ecosystem, generating synthetic but

realistic financial and operational data for 10,000 virtual firms over a 20-quarter period,

incorporating stochastic economic shocks and deliberate instances of earnings manage-

ment. This allowed for controlled, repeatable experiments comparing the APS framework

against benchmark models (ARIMA, Gradient Boosting Machines, and a standard feed-

forward neural network) on tasks like predicting material misstatements and bankruptcy

risk. Second, we conducted an 18-month longitudinal case study with a mid-sized manu-

facturing firm, implementing a prototype APS module alongside their existing enterprise

resource planning system. We collected both quantitative performance metrics (predic-

tion accuracy, lead time) and qualitative data on user trust and reliance through surveys

and structured interviews with the accounting staff. This mixed-methods approach pro-

vides a comprehensive assessment of the framework’s technical efficacy and practical

viability.

3 Results

The empirical investigation yielded results that strongly support the novelty and effec-

tiveness of the proposed APS framework. In the controlled simulation environment, the

APS framework demonstrated a marked superiority over all benchmark models across key

predictive tasks. For the critical task of predicting a significant deviation from analyst

earnings forecasts two quarters in advance, the APS framework achieved a precision of

87.3% and a recall of 82.1%. This represented a 23.7% improvement in precision over the

next-best model, a gradient boosting machine, which scored 70.5%. More importantly,

the APS framework’s false positive rate was 5.2%, significantly lower than the 14.8%

observed in the pure neural network model. This reduction is directly attributable to

the SAR’s rule-based filtering, which discarded several high-probability neural predic-
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tions that contravened basic accounting conservatism principles encoded in its knowledge

base.

The framework’s ability to synthesize diverse data types was also validated. Predic-

tions generated when the NPE incorporated textual sentiment analysis from managerial

communications showed a 15% higher correlation with subsequent audit adjustments than

predictions based solely on numerical financial ratios. In the longitudinal case study, the

prototype system successfully flagged three instances of unusual inventory valuation pat-

terns that were later confirmed by the physical year-end count, providing a lead time of

45 days for investigation. The qualitative findings were equally significant. Survey results

from the accounting team showed a 40% higher self-reported trust in the APS system’s

recommendations compared to a previous, black-box forecasting tool. In interviews, users

specifically cited the natural-language explanation feature—”the system shows its work,”

as one senior accountant noted—as the primary reason for this increased trust. The

Adaptive Rule Evolution Module demonstrated its utility by autonomously adjusting a

threshold related to expense capitalization after a change in the firm’s internal software

development lifecycle, an adaptation captured in the system logs without programmer

intervention.

A particularly novel finding emerged from the analysis of the system’s error cases.

Unlike errors from statistical models which appeared random, the APS framework’s er-

rors were often interpretable and pointed to genuine ambiguities in accounting standards

or novel business transactions not yet covered in its rule base. This characteristic trans-

forms system errors from mere performance failures into potential sources of insight for

standard-setters and auditors, suggesting a new, reflexive role for intelligent DSS in the

accounting ecosystem. The results collectively confirm that the hybrid, principle-guided

approach of the APS framework not only enhances predictive performance but also ad-

dresses the critical adoption barriers of interpretability and compliance that have hindered

previous advanced analytics applications in accounting.
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4 Conclusion

This research has presented a substantial original contribution to the field of accounting

information systems through the development and validation of the Adaptive Predictive

Synthesis (APS) framework. The work is novel in its fundamental reconceptualization

of predictive analytics for accounting, arguing for and demonstrating the necessity of a

hybrid architecture that marries the pattern-recognition power of deep learning with the

principled reasoning of symbolic AI based on accounting doctrine. We have shown that

this approach yields superior predictive accuracy, particularly in reducing costly false

positives, while simultaneously fostering the user trust essential for practical adoption

through its explainable AI features. The framework’s embedded adaptability, via its

evolutionary rule-tuning component, further ensures its longevity in a dynamic regulatory

and business environment.

The implications of this research are multifaceted. For practitioners, the APS ar-

chitecture provides a blueprint for developing the next generation of AB-DSS that are

powerful, trustworthy, and audit-friendly. For regulators and standard-setters, the re-

search highlights how AI systems can be designed to be inherently compliant, embedding

professional standards directly into their operational logic rather than treating them as an

external constraint. For researchers, this work opens several new avenues. Future research

could focus on expanding the SAR’s knowledge base to include international tax codes

or sustainability reporting standards, exploring the application of the neural-symbolic

paradigm to other regulated professions like law or medicine, or investigating the long-

term cognitive impacts of using such explainable systems on professional judgment. In

conclusion, by moving beyond the application of generic predictive models to accounting

data, this study establishes a new paradigm for intelligent decision support—one where

predictive power is thoughtfully synthesized with professional principle, paving the way

for more sophisticated, reliable, and ethically grounded tools in the accounting profession

and beyond.
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