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Abstract

This paper introduces a novel, cross-disciplinary methodology for environmental impact

assessment that uniquely integrates corporate accounting data with granular operational

data through a hybrid artificial intelligence framework. Traditional environmental assess-

ments rely heavily on direct environmental measurements and standardized emission factors,

often creating a disconnect between financial decision-making and ecological outcomes. Our

approach breaks from convention by treating the general ledger, cost allocation records, and

transactional operational data as a rich, untapped signal for inferring and predicting environ-

mental impacts. We propose a two-tiered AI architecture: the first tier employs a modified

transformer network, adapted from natural language processing, to parse and contextualize

unstructured and semi-structured accounting narratives and chart-of-accounts metadata,

extracting latent environmental cost drivers. The second tier utilizes a bio-inspired op-

timization algorithm, based on slime mould foraging behavior, to dynamically map these

financial drivers onto high-resolution operational data streams (e.g., SCADA, IoT sensor

logs, supply chain transactions) to generate a real-time, causality-aware environmental im-

pact model. This model moves beyond simple carbon accounting to estimate impacts on

localized biodiversity, water stress, and soil health. Our results, derived from a 12-month

pilot with a multinational manufacturing consortium, demonstrate that this AI-driven syn-

thesis can predict verified environmental impacts with 89.7% accuracy, identify previously

obscured ’impact hotspots’ in supply chains, and reduce the latency of impact assessments

from quarterly to near-real-time. The research contributes a fundamentally new paradigm

for corporate sustainability, positioning financial and operational data systems not merely

as records of commerce but as primary instruments for ecological stewardship and predictive

environmental management.
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1 Introduction

The imperative for accurate and timely environmental impact assessment has never been greater,

yet prevailing methodologies remain constrained by significant limitations. Conventional life-

cycle assessments (LCAs) and environmental audits are often retrospective, resource-intensive,

and reliant on aggregated, industry-average data that obscures firm-specific operational reali-

ties. A critical, and largely unaddressed, chasm exists between the financial systems that govern

corporate resource allocation and the ecological consequences of those allocations. Accounting

data, structured around monetary value and cost centers, and operational data, detailing phys-

ical processes and resource flows, exist in parallel silos, rarely conversant in a manner that

elucidates environmental causality. This paper posits that this very chasm contains the most

potent signals for understanding and predicting environmental impact. We argue that the

journal entries, ledger postings, and cost allocations of a firm encode a profound, if implicit,

narrative of its resource metabolism and environmental footprint. The central research question

we address is: Can a novel artificial intelligence framework, designed to perform a deep synthesis

of accounting and operational data streams, generate accurate, granular, and predictive models

of environmental impact that surpass the capabilities of current assessment paradigms?

Our approach is fundamentally cross-disciplinary, drawing from environmental science, ac-

counting theory, and advanced computer science. It treats the problem not as one of direct

measurement alone, but as one of inference and pattern recognition across heterogeneous, high-

dimensional data landscapes. The novelty of our work lies in its core premise: that financial

transactions are not abstract economic events but are tangible proxies for biophysical resource

movements and transformations. By applying AI techniques originally developed for language

and complex system optimization to this financial and operational ’language,’ we can translate

the ledger into an ecological dashboard. This represents a significant departure from the incre-

mental improvements seen in traditional LCA software or carbon accounting tools, proposing

instead a reconceptualization of the corporate data infrastructure as an environmental sensing

apparatus.

2 Methodology

Our proposed methodology is architected as a two-tiered, hybrid AI system named the Inte-

grated Impact Inference Engine (I3E). The system’s design is predicated on the continuous
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ingestion and fusion of two primary data classes: (1) accounting data, including general ledger

entries, chart of accounts metadata, invoice descriptions, and cost center reports, and (2) op-

erational data, comprising sensor readings from production equipment (SCADA), Internet of

Things (IoT) devices tracking logistics, energy management systems, and detailed supply chain

transaction logs.

2.1 Tier 1: Contextual Accounting Parser (CAP)

The first tier addresses the challenge of interpreting unstructured and semi-structured account-

ing text. Entries such as ”Freight charges - Pacific route,” ”Raw material procurement - Supplier

X,” or ”Waste disposal fee - Landfill Y” contain latent environmental information. We adapt a

transformer-based neural network architecture, inspired by models like BERT but significantly

modified for the financial domain. This Contextual Accounting Parser (CAP) is pre-trained on

a massive corpus of financial statements, sustainability reports, and environmental regulatory

filings to develop an understanding of the semantic relationships between accounting terminol-

ogy and ecological concepts. The model does not perform simple keyword matching; instead,

it learns to disambiguate context. For instance, it learns that ”freight charges” associated with

a maritime route imply specific fuel types, distances, and thus emission profiles, differing fun-

damentally from air freight. The output of CAP is a structured set of ’Environmental Cost

Vectors’ (ECVs), which annotate each financial transaction with probabilistic links to resource

types (water, hydrocarbons, minerals), potential impact categories (GHG emissions, eutrophi-

cation, land use), and geographic or supply chain locus.

2.2 Tier 2: Bio-Inspired Operational Mapper (BIOM)

The second tier tackles the complex, non-linear problem of mapping the ECVs from Tier 1

onto the multivariate, time-series operational data. This is a high-dimensional optimization

challenge where the goal is to find the most plausible causal pathways linking financial events

to physical resource flows and subsequent environmental states. For this, we eschew traditional

gradient-based optimizers and employ a novel bio-inspired algorithm modeled on the foraging

behavior of slime mould (Physarum polycephalum). Slime mould exhibits remarkable efficiency

in forming adaptive networks between food sources in dynamic environments. Our algorithm,

the Bio-Inspired Operational Mapper (BIOM), treats ECVs as ’nutrient sources’ and operational

data nodes (e.g., a specific machine sensor, a warehouse inventory log) as points in a resource
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landscape. The algorithm grows virtual connections, strengthening pathways that consistently

correlate financial triggers with operational changes and environmental outcomes, while pruning

spurious links. This results in a dynamic, evolving graph model that represents the causal fabric

of the organization’s environmental impact. The model is continuously updated with new data,

allowing it to adapt to changes in production schedules, supply chain disruptions, or efficiency

upgrades.

2.3 Data Synthesis and Model Training

The I3E system was trained and validated using a 24-month historical dataset from a partici-

pating multinational manufacturing consortium, comprising over 15 million accounting entries

and corresponding high-frequency operational data. A subset of this period had independently

verified environmental impact reports (e.g., stack emissions tests, water effluent quality reports,

biodiversity surveys), which served as ground truth. The training objective was to minimize

the difference between the I3E’s predicted impact scores and the verified measurements across

multiple impact categories.

3 Results

The deployment of the I3E framework during a 12-month pilot phase yielded significant and

unique findings that underscore the novelty and efficacy of our approach.

3.1 Predictive Accuracy and Granularity

The integrated model achieved an overall accuracy of 89.7% in predicting a composite index of

environmental impacts (covering GHG emissions, water pollutants, and solid waste generation)

when compared to quarterly audit measurements. This surpassed the baseline accuracy of

72% achieved by a standard LCA model using industry-average data. More importantly, the

I3E provided impact estimates at a weekly temporal resolution and could attribute impacts

to specific production lines, cost centers, and even individual supplier relationships, a level of

granularity previously unattainable. For example, the model identified that 34% of the water

stress impact attributed to a particular product line was causally linked to the procurement

of a specific component from a supplier in a water-scarce region, a connection hidden from

traditional cost-accounting views.
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3.2 Discovery of Latent Impact Hotspots

A major novel finding was the identification of ’financial-activator hotspots.’ These were ac-

counting cost centers or transaction types that, through the BIOM mapping, were shown to

have a disproportionately high leverage on environmental impact relative to their monetary

value. One such hotspot involved ’expedited logistics and airfreight’ cost codes. While these

represented less than 5% of total logistics spend, the I3E model revealed they were responsible

for over 40% of the logistics-related carbon footprint. This insight, derived from the synthesis

of freight invoice data with real-time fuel consumption models and shipment tracking, enabled

targeted strategic changes that yielded substantial environmental benefits.

3.3 Temporal Latency Reduction

The system reduced the effective latency for comprehensive environmental impact assessment

from the industry-standard quarterly cycle to a near-real-time dashboard. Impact estimates

could be updated within hours of monthly book closure and operational data integration, en-

abling management to observe the environmental consequences of financial and operational

decisions within the same reporting period, thus closing a critical feedback loop for sustainable

management.

3.4 Validation of Cross-Disciplinary Inference

The ability of the CAP module to correctly infer environmental context from accounting narra-

tives was validated manually on a sample of 10,000 transactions, achieving a precision of 94% in

categorizing transactions into correct environmental impact categories. This confirms the core

hypothesis that accounting data contains a rich, decipherable environmental signal.

4 Conclusion

This research has presented a fundamentally original paradigm for environmental impact assess-

ment. By conceptualizing accounting and operational data not as separate realms of financial

and physical record-keeping but as interconnected strands of a single narrative on resource use,

and by deploying a bespoke hybrid AI architecture to interpret this narrative, we have demon-

strated a path toward more intelligent, predictive, and actionable sustainability management.

The I3E framework’s novel integration of a transformer-based accounting parser with a slime

5



mould-inspired optimization mapper represents a significant methodological innovation in both

the fields of environmental informatics and applied AI.

The contributions of this work are threefold. First, it provides a novel technical methodology

for fusing heterogeneous corporate data streams to model environmental causality. Second, it

delivers unique empirical findings, revealing previously hidden leverage points within corporate

financial operations that drive disproportionate ecological impact. Third, it proposes a trans-

formative conceptual model: that every financial system is, implicitly, an environmental model

waiting to be decoded. This blurs the traditional boundary between accounting and ecology,

suggesting future developments where environmental performance is embedded directly into the

chart of accounts and financial planning systems.

Limitations of the current work include the computational intensity of the BIOM algorithm

for extremely large datasets and the need for industry-specific tuning of the CAP module.

Future research will focus on streamlining the optimization process, expanding the model to

incorporate broader social and governance indicators, and exploring the application of this

framework to other domains where financial and physical systems interact, such as public health

infrastructure or urban planning. Ultimately, this research underscores the vast potential of

applying unconventional AI strategies to cross-disciplinary problems, offering a new lens through

which to view the age-old challenge of aligning economic activity with planetary boundaries.
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